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Abstract- High competitive pressure in the global manufacturing industry makes a successful, successful and 

sustainable development processes a successful factor. However, analyzes produced by the production control 

systems are defined by continuous functional improvements defined by large short-rumors. In particular, they do 

not use data mining to identify hidden patterns in product data. The data mining approach offered by the 

Advanced Production Analytics Platform is currently based on identification and method based production 

process optimization. Twitter is a big fast growing micro-blogging social networking platform to express their 

opinions about the constitution and products game. These ideas are useful for businesses, government and 

individuals. Therefore, tweets can be used as a valuable source for public opinion. Emotional analysis is a 

process to automatically identify whether a user-generated speech expresses a positive, negative or neutral point 

of view of a company. 
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I. INTRODUCTION 

 

Twitter is a complex, fast, rising, widely, interactive interface between small bloggers, revealing their 

perspectives about users' problems, products, games and more. Here, users send messages of different types of 

messages to a network of contacts Devices. A tweet is only a text-based entry and 140 characters, the length of a 

typical press title and subheadings. Twitter is a "happening-now-right social network is, therefore, businesses, 

government and individuals to public opinion or sentiment to determine Tweets valuable evidence. Therefore, 

the spirit of the analysis process summarizing is necessary to. Millions of tweets hands gaining the public's 

opinions determination 

 

Sentiment Classification Techniques 

A. Lexicon Based Approach 

It is based on finding the concept of calculation to a text. This is to calculate the number of positive and negative 

words in the speech. If the text is written in positive terms, the text represents the positive value. If the number 

of negative words increases, the negative value is allocated to the text. If the text has an equal number of 

positive and negative words, it is assigned to the neutral score. To determine whether a word positive or 

negative feedback is constructed (positive and negative feedback words). There are several approaches to 

compiling and creating a comment: [2]: 

• Dictionary based approach: A small set of ideas are manually collected with known vectors. [2] Later, the 

rehearsals and echoes of these words are searched and added to the corpora, such as Word Net or thesaurus. 

This collection gradually grows until no new words are available. This approach is a disadvantage that the 

strength of classification of emotions depends on the size of the dictionary size. This approach is also 

incorrect when the dictionary size increases. 

• Corpus-based approach: They are based on semantic and semantics of word terminology based on large 

carbohydrates. Words generated may be environmentally dependent and require a large named database. 

 

B. Machine Learning Based Approach 

Here, two modules are required: training and a test package. A supervising learning classroom uses training to 

train and evaluate training traits. Many machine learning mechanisms, such as maximum entropy (ME), Naive 

Baye’s (NB) and support vector machines (SVM), are typically used for classification of text type (tweets). 
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Machine Learning for Emotional Analysis begins with a collection of named tweets containing a database. This 

database is very horrible and should be addressed before using many natural language processing (NLP) 

techniques. Then you need to extract the relevant features of the analysis of the analysis and ultimately the 

classification of the training and the missing data. These instructions are described in Section 4. 

 

Various measures are shown in Figure 1 to make sense of analysis using machine learning. The emotional 

analysis machine leak database begins to collect compiled databases. This data is loud and should be pre-

installed using various natural language processing (NLP) techniques. Then you need to extract the relevant 

features of the analysis of the analysis and ultimately the classification of the training and the missing data. 

These steps are described in Section 3. 

 

 

C. Hybrid Approach 

Some research techniques are suggested by combining both dependent and machine learning techniques to 

improve the efficiency of consciousness classification. One of the main advantages of this hybrid approach is 

that we can both achieve better. The writing / learning mix is proven to improve the accuracy. As noted in [5], 

the Internet-based approach is highly accurate and less reminiscent. By incorporating it with a machine learning 

class, algorithm will be accurate and accurate. This article focuses on perceptional analysis using intelligence 

learning and NLP. 

 

Twitter Sentiment Analysis Procedure 

Data must be brought in proper form before analyzing the feelings of Twitter ranking, and emotionally related 

features should be extracted. Steps shown in step 1 in the analysis of Twitter are as follows: 

 

Data collection: Using Twitter API allows researchers to collect tweets. The Twitter account should have a 

twitter account from Twitter Developer Site (ie the API key, API secret, access token and access token secret). 

Then connect to Twitter API and install a Twitter library. 

 

Data Preprocessing: Data Prerequisite A supervised ML algorithm performance can often have a significant 

impact. The activities carried out in data processing are as follows: 

1. Case conversion: All words are separated from the "case" and "text" and are replaced in the lower case or 

case for further processing. 

2. Stop-Words Removal: Do not help deciding the text feeling when a subject, a, etc., should be removed 

from the text analysis, which means there is no meaning in commonly used words 

3. Truncated Removal: Triangle specifications, such as comma or colon, do not contain any meaning for 

text analysis, so they can be removed from the input text. 

4. Steaming: Generally refers to a simple way to trigger words initiatives by removing psoriasis antibodies. 

5. Lemmatization: Contracts for removal of infusion results and withdrawal of the base or dictionary form 

of a word known as lemma. 

6. Writing verification: spelling of the wrong words, and on the automatic selection of the possible word 

will be fixed. 

 

Feature Extraction: After tweets are pre-enabled, the sensory analysis needs to be extracted. Some of the 

features are: 

a) Time Balance and Frequency: It usually consists of n-grams of words and their frequency count 

b) Speech Notes: The words in the word verb are nouns with spoken objects in order to get verbs. 

c) Commented Words and Phrases: Words or Phrases Referring to Text Comment 

d) Denial: You can review the feelings of the entire sentence in the words 'no', 'or' ''Eg”, "no good" 

e) Twitter specific features: Because tweets, positive or negative hairstyle emotions are present, all the 

special features will add to the feeling. 
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Training and Testing machine learning classifier: After a selection is selected, a machine gunfire is chosen 

in sentimental analysis. Described in Section 3. Training data is used to train the classroom and is measured 

using its performance test data 

 
 

II. DATA MINING IN MANUFACTURING 

 

The amount of data that is distracted and collected in the production process, productivity is an excellent piece 

of application for data processing, [11] to obtain information for optimization purposes. However, data mining 

approaches in the manufacturing industry are very rare compared to various successful data mining applications 

in the service sector, e.g. Banking, communications or retail. Thus, we conducted a meta analysis of research 

literature for data mining in the manufacturing sector. The existing data mining approaches in production are 

mainly in the following areas of use: 

• Output quality and system parameters, product quality analysis, esp. In order to find mechanical systems, 

the reasons for poor product quality 

• Failure analysis of production resources, esp. Machines, bugs cause the explorations and prevents the 

collapse in the future, 

• Maintenance research to increase productivity, eg., With optimal maintenance planning 

• Product Planning and Planning Analysis to Improve Planning Quality, e. g., by utilizing more productive 

resources. 

 

Quality Analysis and Failure analysis focuses on the industry as a major platform for processing, due to the 

increase in existing approaches, its high level of automation and parameters affecting the product quality. [12] 

In general, existing approaches are generally based on manually integrated and isolated processing scores, 

analyzing parts of manufacturing processes, and, in individual professional specific cases. g., Selected 

machinery or certain quality activities, do not see a complete view in the process. Making patty. The primary 

approach for standardized data processing in the production standard is the Fraunhofer  ProDaMi Suite, mainly 

focusing on quality analysis and failure analysis. 

 

III. DATA MINING AND ANALYTICS 

 

Now, suppose the machine learning procedure is completed, and the data model has been trained and validated. 

The model can now be used for both offline and online data mining and analytics, such as data clustering, 

dimensionality reduction, data visualization, trend analysis, process monitoring and fault diagnosis, fault 

classification, online soft sensing and quality prediction, and so on. Several examples are provided as follows. 

For process monitoring and fault diagnosis, appropriate statistics can be constructed for online monitoring the 

operating condition of the process. For example, two monitoring statistics T2 and SPE are usually constructed in 



Integrated Intelligent Research (IIR)               International Journal of Data Mining Techniques and Applications 

Volume: 07, Issue: 01, June 2018, Page No.29-35 

ISSN: 2278-2419 

32 

multivariate statistical monitoring methods. By defining control limits for those two monitoring statistics, the 

good and bad operating condition of the process can be well differentiated. If the values of the monitoring 

statistics exceed their corresponding control limits, a fault alarm should be triggered, which denotes the 

abnormal condition of the process. In this case, further analyses need to be carried out, in order to and the cause 

of the irregular event. This is the main task off a diagnosis, which has been researched in the process industry 

for many years [25]. Fault diagnosis in tend stop provide de tailed reasons for the announced fault in the 

process. Depending on different fault diagnosis methods, the root causes of the fault may be located in a small 

part of the process or precisely to some septic sensors/actuators. 

 

Process of mining algorithm or pattern Discovery 

Statistical Analysis: Statistical techniques for acquiring knowledge about a website are the most common 

method. By analyzing the Session File, one can perform descriptive statistical analyzes (frequency, mean, 

average, etc.) in the variants such as the pages' views, the viewing time and the length of the extension path. 

Many Web Traffic Analysis Tools Most frequently accessed pages generate a specific report that contains an 

average statistical information via an average viewpoint of a page on a page or a path. 

 

Clustering: Clustering is a technique that combines a set of identical items together. In the web application 

field, there are two types of interesting clusters. (Ie) the use of clusters and page clusters. Clustering users 

creates groups of users who display similar browser types. Such knowledge is very useful in order to market 

partitions in e-commerce applications or to provide user customized web content. 

 

Classification: Classification is the task of modifying a data item into one of the many pre-defined classes. Web 

Domain is interested in developing a profile of a specific class or type of users. It should be included in the 

extraction and selection of features that describe the characteristics of the given class or type. 

 

Association Rules: Association rule generation is often used to relate pages referred to in one server session. In 

the context of the Web Usage Mines, the association rules represent a set of pages that are accessible with 

support value above some particular gateway. 

 

Sequential Patterns: The technique of sequential pattern discovery attempts to find inter-session patterns such 

that being there of a set of items is followed by a different item in a time-ordered set of sessions or episodes. By 

using this approach, Web marketers can predict future visit patterns which will be helpful in placing 

advertisements aimed at certain user groups. 

 

Dependency Modeling: Pro modeling is another useful modeling task in the web mine. The goal here is to 

create a model that has the ability to represent significant dependencies among the different variables on the 

Internet. 

 

Pattern Analysis : Sample analysis is the last step in the overall web application mining process, which is to 

filter out departure rules or patterns from the pattern found in the sample detection phase. An accurate analysis 

system is generally governed by the application for web mining processing. The most common form of sample 

analysis is the knowledge technique like SQL. 

 

Random Forest : Random Forest (RF) is a method of training many end trees. Each tree is trained using a 

random subset of vector aspects. The results of each tree will have the effect of using the voting method. Creates 

the path to a leaf that represents the ending of the sequence and feature of the features. During training, the 

values of intermediate corners have been updated to reduce the cost of assessing the efficiency of the trees. The 

goal is to reduce cost of estimating the performance of the trees. I use the activation provided by SciKit-Learn. 

 

Proposed Work 

Initially, sharing a database and database training and experimental data. The main approach to classifying 

tweets is mechanical learning technique. The tweets may be filled with terms and spellings. So, you need to 
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analyze the penalty for these tweets. This is done in three stages. In the first stage, preprocessing is done. This 

will mainly remove words, mistakes and other mistakes. In the second stage, a feature is created using vector-

related features. Finally, using different classifiers can categorize tweets as a positive, negative or neutral type. 

 

A) Collecting data is used to use the Sanders Analysis Database to perform the necessary operations. Sanders 

Analysis Database A total of 5600 tweets containing tweets from Apple, Google and Microsoft. The database is 

labeled and therefore, we know which tweets are positive, negative, neutral and inappropriate. 

 

B) Preprocessing tweets 

The main separation is hard on Twitter because of the wrong terms and phrases. So to avoid this, an extraction 

phase is done prior to extraction. Avoid URLs, Avoid Wrong Triggers, and Avoid Finish Words. Spells should 

be avoided by changing the 2 episodes again and again. Slim words significantly share a tweets feel. So they 

simply cannot be deleted. Therefore, a semantic dictionary is maintained in response to slogan words in tweets 

with their related meanings. Domain information helps to create a dictionary of online words. Moreover, we use 

a technique, which includes the overall feel of Tweed, seeing its relative position in the sentence, and the sense 

of new age we can find. 

 

C) Creation of feature vector 

Feature separation is done in two steps. In the first phase, Twitter specific features are extracted. Twitter specific 

features are related to hash tags and emotions. Emotions can be positive or negative. Therefore, they are 

assigned different weights. Positive emotions '1' take weight and negative emotions '-1' is assigned a weight. 

There may be positive and negative hash tags. Therefore, the number of positive hash tags and the negative hash 

jets are added as two separate features in the feature vector. Twitter specific features should not be in all tweets. 

Therefore, more features should be extracted for other features. After dividing specific features, they will be 

deleted from tweets. A tweet may then be considered a plain text. Then, using the unigram approaches, tweet 

words are referred to as words. In Unigrams, a tweet is indicated by its keywords. We maintain a negative key 

list, a list of positive keywords that represent a positive list and negative. The feature of positive and negative 

keywords in tweets is used as two distinct features in vector. 

 

A noun, adverbs, or verb is an important aspect that shows more emotion than others. If it is important to 

determine an appropriate part of the conversation, it is specially taken up. Other than that, a keyword is selected 

randomly from keywords available in keyword keywords. If any positive and negative words are on twitter, 

select any words that are relevant to the text. If positive and negative keywords are appropriate for speech, they 

are not selected. If the feature of the special words is positive '1' and the negative is '-1' and its 'absence' weight 

is given. Part of the speech feature is '1' if it is not '0'. Thus, the feature contains vector 8 related features. These 

8 features are part of the talk (bass) tag, special significance, negative, emoticon, positive words, and number of 

negative keywords, number of positive hash tags and number of negative hash tags. 

 

d) Sentiment analysis 

Later than creating the characteristic vector, sentiment classification is complete   using   a   mixture   of both 

knowledge based   and machine learning approach. Word by word sentiment analysis using knowledge based 

approach is used along with different classifier techniques using feature vector.A major issue when using such 

short messages is the presence of   misspellings,   emoticons,   links   and   other   unnecessary content.  The 

preprocessing stage helps us remove these shortcomings considerably and makes the resultant text clean.  In  

order  to  compute  the sentiment  score  for  a  new  word,  we simply work the other way around. Once we 

have the score of the  text,  we  simply  associate  the  words  with  the  general  feel of  the  entire  text.  So,  if  

soccer  comes  between  great  and happy  we  would  associate  soccer  with  a  positive  sentiment score 

 

Assembly of the process in PCT 

Algorithm 

if this is the first run of the simulation process then 

|   initialize connection to each input data element in the GUI [0(k)] 
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End 

foreach price level in the article tree [0(k)] do 

match condition level [0(k)] 

match price level [0(k)] 

foreach item in the customer's cache [0(n)] do 

|   match criteria [0(k)] 

end 

retrieve target discount [0(k)] 

foreach article in the article tree [0(a)] do 

foreach article in the customer's cache [0(n)] do 

match criteria [0(k)] 

foreach price level in the article tree [0(k)] do 

|   retrieve data and calculate results 

1end 

end 

retrieve agreed discounts [0(k)] 

compare discounts to target discounts [0(k)] 

end 

end 

foreach article in the customer's cache [0(n)] do 

calculate results for articles under price level 1 nodes    path 

end 

 
 

IV. CONCLUSION 

 

A novel data mining thrust approach to the process optimization process provided by the Advanced Production 

Analytics Platform is a coded based product specification mentioned in this article. We define ideological 

application events and describe activation details. Index based product optimization exceeds analysis in 

production, focuses on manual reporting and OLAP operations using separate data extensions. Based on a 

complete data, pre-defined data mining application cases are used to identify hidden data types for the entire 

production process optimization from organizing production until the production is complete. The main concrete 

use case, metric-based root cause analysis, represents a confirmation of the metric-based dashboard for 

professional practice. This provides indications for deep analysis of the metric divisions factors and concrete 

process improvements. 
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